Abstract: API hydrological model is common used on streamflow forecasting for its' simple structure and robust ability on acquiring high precision forecasting results. But for a long time, parameter calibration has been the major difficulty for the use of API hydrological model. API model develops from the empirical approach. It's more difficult than other hydrological models to achieve the aim of fully automatic parameter calibration without artificial experience processing. In this paper, a method is proposed for enhancing the efficiency of parameter calibration for API hydrological model. In this method, the rainfall-runoff correlation diagram is drawn according to rainfall and flood data and instantaneous unit hydrograph is adopted to calculate the outflow by net rainfall. What's more, an intelligent algorithm is employed for the solution of parameters of API hydrological model. The result shows that the proposed method is efficient on parameter calibration for API hydrological model.
Introduction
API (Antecedent Precipitation Index) model is a traditional hydrological forecasting model, the main contents of which are rainfall-runoff correlation diagram and unit hydrograph. The basis of rainfall-runoff correlation forecasting method is built on the early manual rainfall-runoff forecasting method. The first step is to calculate antecedent influence rainfall (Pa), which means antecedent soil moisture. After that, the average precipitation and runoff of each flood is computed to get discrete point set which is used to fit the rainfall-runoff correlation diagram. The unit hydrograph is the process of surface runoff at the export section formed by a unit of net rainfall on the river basin. For its' simple structure and robust ability on acquiring high precision forecasting results, API model is common used on streamflow forecasting [1~3] . Shakir Ali [4] proposed normalized antecedent precipitation index (NAPI) model and it was applied to three watersheds in the semi-arid region of India to simulate runoff yield. The proposed model showed improved correlation between the observed and predicted runoff data compared to the Soil Conservation Service Curve Number (SCS-CN) model. Tuhua Ma [5] developed a methodology accounting for the effective antecedent rainfall from a power-law relationship between the frequency of landslide occurrence and the landslide-triggering rainfall level and the results had significantly practical implications. However, there exist many empirical experience processes in the modeling of API model. Parameter calibration has been the major difficulty for the use of API hydrological model. With the improvement of computing technique, automatic parameter calibration is becoming rigid requirement for hydrological forecasting model.
Basic concepts
API model contains runoff yield and concentration process. Rainfall-runoff correlation diagram is drawn according to rainfall and flood data observed in the pastime and used to calculate net rainfall in the runoff yield process. There are serval types of rainfall-runoff correlation curves in which the most popular one is P~Pa~R curve where P denotes the precipitation, Pa denotes the antecedent influence rainfall, and R denotes the runoff. P~Pa~R curve is made up of serval lines that characterize the relation of precipitation and runoff under equal value intervals of antecedent influence rainfall. Pa is calculated as:
(1) Where Pa,t denotes the antecedent influence rainfall at time t, Pt denotes the precipitation at time t, k denotes the regression coefficient of the soil.
Unit hydrograph is adopted to calculate the outflow of river basin in the concentration process. Time unit hydrograph is a more common option. But it's rather time-consuming to make the time unit hydrograph since rainfall and flood data observed in the pastime are needed and it requires repeated test. Instantaneous unit hydrograph is more convenient to be calculated. By assuming that the operation performed by the catchment on an instantaneous rainfall is equivalent to a succession of routings through linear storage, instantaneous unit hydrograph is calculated as:
Where  denotes the gamma function, t denotes the time, n denotes the parameter that reflect the regulation capacity of watershed, K denotes the storage and discharge coefficient of linear storage.
Parameter Calibration Method
Multiple floods occurred in the pastime on the river basin are selected as the research object. The precipitation, evaporation and outflow data observed during the flood period will be utilized for parameter calibration. Rainfall-runoff correlation diagram is drawn according to multiple floods data and saved as discrete points in an array. The value of runoff is calculated by precipitation and antecedent influence rainfall using the interpolation method. The parameters n and K of the instantaneous unit hydrograph are selected as decision variables. The flood peak flow and flood volume are the main elements that is concerned in the flood forecasting. So we choose the sum of qualified rate of flood peak flow and average determinacy coefficient (DC) as the objective function. The problem is described as below:
Where fp QR denotes the qualified rate of flood peak flow, m denotes the number of floods, DC denotes the determinacy coefficient of each flood which is calculated as:
Differential Evolution (DE) algorithm is adopted to solve the problem. Differential Evolution (DE) algorithm is firstly proposed by Storn and Price [6] . One form of DE algorithm is the DE/rand/1/bin strategy which contains mutation, crossover and selection operators. This form of DE algorithm is adopted to solve the problem above.
Case Study
Zhexi reservoir is located on Zishui river basin in the middle of China's Hunan province. The catchment area above Zhexi reservoir is 22640 square kilometers, accounting for eighty percent of the whole river basin. The mean annual precipitation of Zishui river basin is 1400 millimeter and the precipitation is the only source of runoff in the Zishui river basin. The precipitation mainly concentrates on April, May, and June. The duration of heavy rainfall is usually 1~4 days, and up to six days. There are three forms of floods occurring in the river basin which consists of large quantity & high peak flood, little quantity & high peak flood, and the combination of two kinds of floods above. The formation of large quantity & high peak flood is caused by the rainfall on the whole river basin or on the upper basin. While the little quantity & high peak flood is caused by the heavy rainfall on the lower basin near to the reservoir. The hourly precipitation and runoff data from year of 2004 to 2014 are adopted for the parameters calibration process.
The Table 1 .
From Table 1 , the results shows that the average determinacy coefficient is 0.8 and the qualified rate of flood peak flow is 82.05% in the calibration period. The average determinacy coefficient is 0.827 and the qualified rate of flood peak flow is 80% in the validation period. In the calibration period, nearly 70% of floods are simulated well and the determinacy coefficient of these floods are larger than 0.8. There are also a few floods that are simulated badly such as NO. 15, 16, 20, 21 flood. We found that the relationship of rainfall and runoff are not so matching. The mistake of observing may have something to do with it. However, the results show that the grade of accuracy of the forecasting result has reached grade B which can be used for floods forecasting. What's more, this method has greatly enhances the efficiency of parameter calibration for API hydrological model. 
Conclusions
In this paper, we have proposed a method for enhancing the efficiency of parameter calibration for API hydrological model. By applying this method on the Zhexi reservoir, we had drawn the rainfall-runoff correlation diagram based on the history data of precipitation and runoff and obtained the parameters of instantaneous unit hydrograph by the utilization of DE algorithm to solve the optimization problem. The results show that the grade of accuracy of the forecasting result has reached grade B which can be used for floods forecasting. Moreover, the proposed method has greatly enhances the efficiency of parameter calibration for API hydrological model. So, we consider that this method is efficient on parameter calibration for API hydrological model.
